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ABSTRAK

Pada institusi perguruan tinggi, data mahasiswa dan data jumlah kelulusan mahasiswa
dapat menghasilkan informasi yang bisa digali lebih dalam lagi, bisa berupa jumlah
kelulusan mahasiswa setiap tahunnya, profil, hasil akademik mahasiswa dan lama studi
selama menempuh proses belajar di perguruan tinggi. Berdasarkan berlimpahnya data
mahasiswa dan data jumlah kelulusan mahasiswa, informasi yang tersembunyi ini
dapat diketahui dengan melakukan pengolahan terhadap data mahasiswa sehingga data
tersebut akan sangat berguna bagi pihak universitas.Telah dilakukan penelitian terkait
tentang klasifikasi masa studi dengan berbagai model Machine Learning. Adapun pada
penelitian ini, model Neural Network Backpropagation terbaik menghasilkan akurasi
training sebesar 74,15% dan tingkat akurasi testing sebesar 71,72%. Model ini juga
menghasilkan nilai presisi 0,7422178988326, untuk nilai recall 0,7422178988326 dan
untuk F-Measure 0,7422178909205. Dan menghasilkan sebaran mahasiswa pada
periode 2011-2022 untuk jalur masuk SNMPTN masa studi cepat sebanyak 74 orang,
normal sebanyak 978 orang, terlambat sebanyak 445, dan sangat terlambat sebanyak
69 orang, untuk jalur masuk SBMPTN masa studi cepat sebanyak 29 orang, normal
sebanyak 433 orang, terlambat sebanyak 146 orang, dan sangat terlambat 60 orang dan
terakhir untuk jalur masuk mandiri masa studi cepat sebanyak 34 orang, normal
sebanyak 448 orang, terlambat sebanyak 294 orang, dan sangat terlambat 151 orang.

Kata Kunci: Classification, Data Mining, Neural Network Backpropagation,

Rapidminer.
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ABSTRACT

At tertiary institutions, student data and data on the number of student graduates can
produce information that can be explored further, in the form of the number of student
graduations each year, profiles, student academic results and length of study while
studying at higher education institutions. Based on the abundance of student data and
data on the number of student graduates, this hidden information can be discovered by
processing student data so that the data will be very useful for the university. Related
research has been carried out on the classification of study periods with various
Machine Learning models. As for this study, the best Neural Network Backpropagation
model resulted in a training accuracy of 74.15% and a testing accuracy rate of 71.72%.
This model also produces a precision value of 0.7422178988326, for a recall value of
0.7422178988326 and for F-Measure 0.7422178909205. And the resulting distribution
of students in the 2011-2022 period for the fast study period SNMPTN entrance route
was 74 people, 978 normal students, 445 late, and 69 very late students, for the fast
study period SBMPTN entry route there were 29 people, normal 433 people, 146
people late, and 60 people very late and finally for the fast study period independent
entrance as many as 34 people, 448 people normal, 294 people late, and 151 people

very late.

Keyword: Classification, Data Mining, Neural Network Backpropagation,
Rapidminer.
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