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ABSTRAK

PERBANDINGAN KINERJA KLASIFIKASI PESAN GEJALA COVID-
19 DARI PESAN SOSIAL MEDIA DENGAN BERT DAN INDOBERT
(Oleh : Astina Faridhah; Pembimbing: Mohammad Reza Faisal, S.T., M.T.
Ph.D dan Andi Farmadi, S.Si., M.T; 2023; 55 halaman)

Covid-19 merupakan jenis penyakit yang disebabkan oleh virus Corona
yang muncul pada akhir tahun 2019 di Wuhan kemudian diumumkan pertama
kali kasus Covid-19 di Indonesia pada Maret 2020. Selama pandemi ini, media
sosial, khususnya twitter, telah menjadi salah satu platform yang paling banyak
digunakan untuk berbagi informasi tentang Covid-19. Twitter merupakan salah
satu wadah yang digunakan masyarakat untuk dapat saling berbagi informasi
mengenai tanda-tanda maupun dampak dari virus Covid-19. Twitter menjadi
platform populer untuk berbagi informasi tentang Covid-19, termasuk laporan
mandiri dari individu yang mengalami gejala Covid-19 atau telah terinfeksi
virus. Model pre-trained Bidirectional Encoder Representations from
Transformers (BERT) merupakan model yang sedang popular di kalangan
peneliti. Pada penelitian ini pesan gejala Covid-19 dari sosial media dianalisis
menggunakan pre-trained model BERT dan IndoBERT. Diperoleh hasil akurasi
BERT dengan dataset asli (tanpa preprocessing) sebesar 81,5%, akurasi BERT
dengan dataset hasil preprocessing sebesar 82,0%, dan IndoBERT
menggunakan dataset asli (tanpa preprocessing) akurasi sebesar 89,5%, serta
IndoBERT menggunakan dataset hasil preprocessing akurasi sebesar 94,0%.

Kata kunci: Klasifikasi Teks, Gejala Covid-19, Twitter, BERT, IndoBERT



ABSTRACT

PERFORMANCE COMPARISON OF COVID-19 SYMPTOM MESSAGE
CLASSIFICATION FROM SOCIAL MEDIA MESSAGES WITH BERT
AND INDOBERT

(By: Astina Faridhah; Supervisor: Mohammad Reza Faisal, S.T., M.T., Ph.D
and Andi Farmadi, S.Si., M.T;2023;55 pages)

Covid-19 is a type of disease caused by the Corona virus that emerged at the
end of 2019 in Wuhan and then the first announced Covid-19 case in Indonesia
in March 2020. During this pandemic, social media, especially twitter, has
become one of the most used platforms to share information about Covid-19.
Twitter is one of the platforms used by the community to share information
about the signs and impacts of the Covid-19 virus. Twitter has become a
popular platform for sharing information about Covid-19, including self-
reports from individuals who experience symptoms of Covid-19 or have been
infected with the virus. The pre-trained Bidirectional Encoder Representations
from Transformers (BERT) model is a model that is currently popular among
researchers. In this study, Covid-19 symptom messages from social media were
analyzed using the pre-trained BERT and IndoBERT models. The BERT
accuracy result with the original dataset (without preprocessing) was 81.5%,
BERT accuracy with the preprocessed dataset was 82.0%, and IndoBERT using
the original dataset (without preprocessing) accuracy was 89.5%, and
INndoBERT using the preprocessed dataset accuracy was 94.0%.

Keywords: Text Classification, Covid-19 Symptoms, Twitter, BERT, IndoBERT
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