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ABSTRAK

KOMPARASI ALGORITMA NAIVE BAYES DAN K-NEAREST NEIGHBOR
(K-NN) UNTUK KLASIFIKASI FAKE JOB ADVERTISEMENT DI
PLATFOR MEDIA SOSIAL (oleh : Siti Hardiyanti ; Oni Soesanto, Theresye,100
halaman)

Maraknya penyebaran iklan lowongan pekerjaan melalui media sosial
meningkatkan kebutuhan akan metode yang mampu membedakan iklan asli dan
Fake Job  Advertisement secara otomatis. Penelitian ini  bertujuan
merepresentasikan teks Fake Job Advertisement ke dalam bentuk numerik melalui
tahapan text pre-processing dan pembobotan Term Frequency—Inverse Document
Frequency (TF-IDF) sebagai dasar ekstraksi fitur, serta membandingkan efektivitas
algoritma Bernoulli Naive Bayes, Multinomial Naive Bayes, dan K-Nearest
Neighbor (K-NN) dalam mengklasifikasikan Fake Job Advertisement pada platform
media sosial. Dataset yang digunakan terdiri atas 246 data yang diperoleh dari
berbagai platform media sosial dan sumber sekunder, kemudian dilabeli ke dalam
dua kelas, yaitu penipuan dan asli. Tahapan text pre-processing meliputi data
cleaning, case folding, tokenization, normalization, stopword removal, dan
stemming. Selanjutnya, data diekstraksi menggunakan TF-IDF dan dibagi ke dalam
tiga skenario pelatihan dan pengujian, yaitu 90%:10%, 80%:20%, dan 70%:30%.
Evaluasi dilakukan menggunakan confusion matrix berdasarkan metrik accuracy,
precision, recall, dan F1-score. Hasil penelitian menunjukkan bahwa algoritma K-
Nearest Neighbor (K-NN) memberikan performa terbaik dibandingkan Bernoulli
Naive Bayes dan Multinomial Naive Bayes. Performa terbaik diperoleh pada
skenario 90% data latih dan 10% data uji dengan accuracy sebesar 92,00%, serta
precision, recall, dan FI-score masing-masing sebesar 92,31%, sehingga K-NN
merupakan algoritma yang paling efektif dalam mengklasifikasikan Fake Job
Advertisement pada platform media sosial

Kata kunci: Fake Job Advertisement, Text Pre-processing, TF-IDF, Naive Bayes,
K-Nearest Neighbor (K-NN).
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ABSTRACT

COMPARISON OF NAIVE BAYES AND K-NEAREST NEIGHBOR (K-NN)
ALGORITHMS FOR FAKE JOB ADVERTISEMENT CLASSIFICATION
ON SOCIAL MEDIA PLATFORMS (by: Siti Hardiyanti; Oni Soesanto,
Theresye, 100 pages)

The widespread dissemination of job vacancy advertisements through social
media has increased the need for methods capable of automatically distinguishing
legitimate job advertisements from Fake Job Advertisements. This study aims to
represent Fake Job Advertisement texts into numerical representations through text
pre-processing and Term Frequency—Inverse Document Frequency (TF-IDF)
weighting as the basis for feature extraction, as well as to compare the effectiveness
of the Bernoulli Naive Bayes, Multinomial Naive Bayes, and K-Nearest Neighbor
(K-NN) algorithms in classifying Fake Job Advertisements on social media
platforms. The dataset consisted of 246 job advertisement records collected from
various social media platforms and secondary sources, which were manually
labeled into two classes: fraudulent and legitimate. The text pre-processing stages
included data cleaning, case folding, tokenization, normalization, stopword
removal, and stemming. The data were then transformed using TF-IDF and divided
into three training and testing scenarios: 90%:10%, 80%:20%, and 70%:30%.
Model performance was evaluated using a confusion matrix based on accuracy,
precision, recall, and F1-score. The results showed that the K-Nearest Neighbor (K-
NN) algorithm outperformed the Bernoulli Naive Bayes and Multinomial Naive
Bayes algorithms across all data-splitting scenarios. The best performance was
achieved under the 90% training and 10% testing scenario, with an accuracy of
92.00% and precision, recall, and F1-score of 92.31%, indicating that K-NN is the
most effective algorithm for classifying Fake Job Advertisements on social media
platforms.

Keywords: Fake Job Advertisement, Text Pre-processing, TF-IDF, Naive Bayes,
K-Nearest Neighbor (K-NN).
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