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ABSTRAK

Perbandingan Model SARIMA Dan SARFIMA Dalam Meramalkan Nilai
Tukar Petani (NTP) Di Indonesia (Oleh: Miftah Rizky Viranty; Pembimbing:
Yeni Rahkmawati dan Al Hujjah Asianingrum, 2025; 92 halaman)

Indonesia sebagai negara agraris memiliki sektor pertanian yang berperan
penting dalam perekonomian nasional dan ketahanan pangan. Kesejahteraan
petani menjadi indikator utama keberhasilan pembangunan sektor ini, yang
salah satunya diukur melalui Nilai Tukar Petani (NTP). Fluktuasi NTP dari
waktu ke waktu menunjukkan adanya pola musiman dan indikasi sifat long
memory, sehingga diperlukan model peramalan yang mampu menangkap
kedua karakteristik tersebut secara optimal. Penelitian ini bertujuan untuk
membandingkan performa model Seasonal Autoregressive Integrated Moving
Average (SARIMA) dan Seasonal Autoregressive Fractionally Integrated Moving
Average (SARFIMA) dalam meramalkan NTP di Indonesia menggunakan data
bulanan periode 2009-2024 yang bersumber dari Badan Pusat Statistik (BPS).
Hasil analisis menunjukkan bahwa model SARIMA(0,1,1)(0,1,1)1> memiliki
nilai Mean Absolute Percentage Error (MAPE) sebesar 5.29%, lebih kecil
dibandingkan dengan model SARFIMA(1,0.2688,0)(0,1,1),, yang memiliki
MAPE sebesar 5.97%. Dengan demikian, model SARIMA dinilai lebih akurat
dalam memodelkan data NTP. Namun, selisih MAPE yang relatif kecil
mengindikasikan adanya karakteristik long memory pada data NTP, meskipun
tidak secara signifikan meningkatkan akurasi peramalan. Berdasarkan hasil
peramalan model terbaik, NTP diproyeksikan meningkat secara bertahap
sepanjang tahun 2025, mencapai nilai tertinggi pada Desember sebesar
127.2920, dan mengalami penurunan sementara pada Maret hingga Mei,
dengan nilai terendah pada Mei sebesar 121.8456. Hasil ini dapat menjadi
acuan bagi pemerintah dalam merumuskan kebijakan pertanian yang lebih
tepat sasaran melalui pengendalian harga, penyaluran subsidi, serta
penguatan strategi pemasaran hasil pertanian guna meningkatkan
kesejahteraan petani dan mendukung ketahanan pangan nasional.

Kata Kunci: Nilai Tukar Petani, SARIMA, SARFIMA, Peramalan, Long Memory
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ABSTRACT

Comparison of SARIMA and SARFIMA Models in Forecasting the Farmers’
Terms of Trade (FTT) in Indonesia (By: Miftah Rizky Viranty; Supervisors:
Yeni Rahkmawati and Al Hujjah Asianingrum, 2025; 92 pages)

Indonesia, as an agrarian country, has an agricultural sector that plays an
important role in the national economy and food security. Farmers’ welfare
serves as a key indicator of the success of this sector’s development, one of
which is measured through the Farmers’ Terms of Trade (FTT). The
fluctuations of FTT over time show seasonal patterns and indications of long
memory characteristics, requiring a forecasting model capable of capturing
both features optimally. This study aims to compare the performance of the
Seasonal Autoregressive Integrated Moving Average (SARIMA) and Seasonal
Autoregressive Fractionally Integrated Moving Average (SARFIMA) models in
forecasting Indonesia’s FTT using monthly data from 2009 to 2024 sourced
from BPS-Statistics Indonesia. The analysis results show that the
SARIMA(0,1,1)(0,1,1)1, model has a Mean Absolute Percentage Error (MAPE)
value of 5.29%, which is lower than that of the SARFIMA(1,0.2688,0)(0,1,1) -
model with a MAPE of 5.97%. Thus, the SARIMA model is considered more
accurate in modeling the FTT data. However, the relatively small difference in
MAPE indicates the presence of long memory characteristics in the FTT data,
although it does not significantly improve forecasting accuracy. Based on the
results of the best forecasting model, FTT is projected to increase gradually
throughout 2025, reaching its highest value in December at 127.2920, and
experiencing a temporary decline from March to May, with the lowest value in
May at 121.8456. These results can serve as a reference for the government in
formulating more targeted agricultural policies through price stabilization,
subsidy distribution, and the strengthening of agricultural marketing
strategies to enhance farmers’ welfare and support national food security.

Keywords: Farmers’ Terms of Trade, SARIMA, SARFIMA, Forecasting, Long
Memory
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